Background: Advances in high-throughput sequencing technology have yielded a large number of publicly available vertebrate genomes, many of which are selected for inclusion in NCBI's RefSeq project and subsequently processed by NCBI's eukaryotic annotation pipeline. Genome annotation results are affected by differences in available support evidence and may be impacted by annotation pipeline software changes over time. The RefSeq project has not previously assessed annotation trends across organisms or over time. To address this deficiency, we have developed a comparative protocol which integrates analysis of annotated protein-coding regions across a data set of vertebrate orthologs in genomic sequence coordinates, protein sequences, and protein features. Results: We assessed an ortholog dataset that includes 34 annotated vertebrate RefSeq genomes including human. We confirm that RefSeq protein-coding gene annotations in mammals exhibit considerable similarity. Over 50% of the orthologous protein-coding genes in 20 organisms are supported at the level of splicing conservation with at least three selected reference genomes. Approximately 7,500 ortholog sets include at least half of the analyzed organisms, show highly similar sequence and conserved splicing, and may serve as a minimal set of mammalian "core proteins" for initial assessment of new mammalian genomes. Additionally, 80% of the proteins analyzed pass a suite of tests to detect proteins that lack splicing conservation and have unusual sequence or domain annotation. We use these tests to define an annotation quality metric that is based directly on the annotated proteins thus operates independently of other quality metrics such as availability of transcripts or assembly quality measures. Results are available on the RefSeq FTP site [ftp://ftp.ncbi.nlm.nih.gov/refseq/supplemental/ProtCore/SM1.txt].
Background
The large number of genomes that have been sequenced in recent years has been followed by an unprecedented amount of data at all levels of biological systems, from genomic assemblies to gene annotations and mRNA and protein sequences. Collections of high-quality biological data include curated genomic, transcript, and protein records in the National Center for Biotechnology Information's (NCBI)
Reference Sequences (RefSeq) database [1] ; consistently annotated human and mouse protein-coding regions (CDS) in the Consensus Coding Sequence database (CCDS) [2] ; and curated protein data in Swiss-Prot/UniProtKB [3] . Outside of the best-studied species such as human and mouse, much of the available annotation data is predicted using computational pipelines or high-throughput techniques, with or without supplemental manual curation, and may therefore include more frequent errors [4] . At the same time, the increasing quantity and expanding scope of biological data enables assessment of conservation, evolutionary histories, and functional importance using comparative genomics and proteomics. Comparative genomics is becoming indispensable and has recently been applied toward problems in gene annotation and evolution, such as distinguishing coding from non-coding genes [5] , identifying functional elements [6] , and modeling the evolution of vertebrate exons and introns [7] .
With the exception of human and mouse, most vertebrate RefSeq transcripts and proteins were predicted using NCBI's eukaryotic annotation pipeline component. Gnomon is the core computational tool which integrates analysis of transcript and protein alignments and ab initio data to generate a set of annotation models which are further filtered before being selected for final RefSeq genomic annotation [8] . Although this method tends to produce gene and protein annotations that match known ones, it also results in annotation differences that are supported by additional data available for one genome over another, or differences that are influenced by insufficient samespecies transcript evidence, genome assembly issues, inexact exon definitions based on protein alignments, or limitations of the prediction method.
The Vertebrate RefSeq project has developed a conservative protocol for comparative analysis of proteins in order to assess computational annotation of RefSeq proteins and to supplement quality assurance measures. Our protocol identifies orthology at the level of annotated RefSeq vertebrate genomes. It leverages the sizable collection of genomic, transcript, and protein sequences in the RefSeq database to assess consistency and conservation of protein sequences, domain annotations, and annotated proteincoding sequence (CDS) regions on RefSeq genome sequences across sets of orthologs, while accommodating for diversity in splicing products across genes and wide differences in data quality across existing annotations. As a critical part of our study, we evaluate conservation at two orthogonal levels: protein sequence and gene structure; that is, protein-coding regions on the gene. Changes in amino acid sequence and the translated coding region and exons of the respective genes are driven by different molecular mechanisms (largely mutations vs. exon shuffling). Consequently, integrating analysis of sequence similarity and coding regions helps to detect and distinguish changes involving whole exons from localized mutations and indels. Conservation at the splice level has been used toward novel gene finding, particularly to detect homologs and to predict intron-exon structure [9, 10] . Our work extends these previous studies by including many other vertebrates and by integrating evaluation of all splicing isoforms rather than a selected protein for each gene. We determine "splicing orthologs" [9] (namely, isoforms with the same pattern of protein-coding exons) in vertebrates by aligning proteincoding regions in protein sequence space.
In this report, we describe the application of our protocol towards three specific aims. First, we identify those proteins with sequences and splice patterns consistent with its orthologs, indicating correct annotation. When these proteins are present in a large number of species across some taxonomic scope (here, across mammals or vertebrates), we also designate them as "core" proteins that are expected to be consistently found in novel genomes and may have high functional importance over their conserved lineage [11, 12] . Second, we search for proteins with inconsistent amino acid sequences compared to their orthologs in order to identify targets for improvements to the computational annotation pipeline and/or for curatorial review. We describe a suite of computational screens which assesses sequence lengths over whole protein and terminal regions, sequence similarity, domain composition, and closest neighbors in other species. Lastly, we explore the effectiveness of combining our measurements to infer the quality of predicted annotations and assemblies.
Results and discussion

Computational pipeline
We have developed a process flow that utilizes the RefSeq sequence collection to explore questions of gene and protein conservation and annotation consistency in vertebrate RefSeq genomes ( Figure 1 ). In brief, this protocol identifies sets of comparable proteins at different levels including orthologous genes as well as most similar proteins among multiple alternatively splicing products, and then it integrates sequence, CDS, and functional annotation (via conserved domains) to evaluate conservation from multiple viewpoints.
We take particular care to address challenges related to data quality, availability, and scalability in dynamic databases. First, requiring only sequence data allows the process to be applied to the widest number of proteins, transcripts, and genome annotations available in NCBI databases. In particular, it avoids using external data sources such as whole-genome alignments from the UCSC Genome Browser [13] , which are less frequently updated. Cross-species alignments are efficiently calculated over protein space using BLAST software. Subsequently, transcript sequences and annotated CDS may be mapped onto their respective protein sequence alignments to determine splice conservation across orthologs. Second, our protocol minimizes re-calculations in the course of database updates and takes advantage of precomputed domain assignments and protein-coding regions when available. Additionally, all proteins are benchmarked against a small set of reference species believed to have higher quality assembly and protein data. These species have been selected to be somewhat well distributed across sequenced vertebrates and are estimated to be of higher quality according to the number of ESTs, contig N50, scaffold N50, curated data, and by our own evaluation.
Identification of orthologs
RefSeq calculates sets of orthologous genes from full proteomes by taking best hits to Swiss-Prot proteins as a set of potential homologs and then confirming orthology through local synteny, as described in Methods. Combining protein homology and genomic co-localization, two largely independent methods, provides an efficient, large-scale method for identifying true orthologs, although this approach may miss genes that have undergone greater divergence or are poorly represented or annotated in protein databases [14] . Our approach calculates orthologs during each genome annotation run to support rapid analysis of new protein datasets as additional vertebrate organisms are annotated. Compared to the HomoloGene algorithm [15, 16] , the method used here is 99.6-99.9% consistent, while finding orthologs for an additional 2-14% of genes (Table 1 ). Our method finds more than 15,000 orthologs for most mammalian genomes, but is less efficient for non-mammalian vertebrates owing to shorter syntenic blocks and the reliance on best hits to the Swiss-Prot database which has better representation for mammalian proteins. We report results on the 18,481 ortholog sets (453,209 genes) current at the time of this analysis. The orthology dataset contains 568,459 RefSeq proteins of which 19% are in the pool available for manual curation (with NP accessions; of which half have been curated). Each ortholog set was assembled with a human gene as "anchor" for all other genes, plus one or more orthologs from the 33 other vertebrate species evaluated ( Table 2) . During a small time lag between the initial assembly of ortholog sets and subsequent protein analysis, 60 human anchoring genes were dropped from the analysis dataset due to ongoing RefSeq curation which updated the protein accession.version. The majority human-anchored ortholog sets represent a highly comprehensive set of protein-coding genes within the RefSeq collection, including 18,421 (or 94%) of all human protein-coding genes. Figure 2 illustrates the set of orthologs anchored around human gene alpha-2-macroglobulin showing how genomic protein-coding regions are mapped onto protein sequence, along with the conserved domains and signal peptide features predicted from sequence. The distribution of genes in ortholog sets is illustrated in Figure 3 . The median number of species in ortholog sets is 27 and 92-96% of sets contain at least 10 and 6 species, respectively.
All proteins from each set of orthologous genes are partitioned into clusters containing at most one protein from each species so that each protein is grouped with the most similar proteins from other species according to sequence similarity and length. Limiting comparisons of proteins to those within the same cluster is intended to reduce spurious differences from comparing homologous proteins that are not the closest relative to one another. Figure 3 shows that the largest clusters are slightly smaller than the full ortholog sets; the median number of species in each largest cluster is 25, however again 92-96% of sets contain 10 and 6 species, respectively.
The 34 species reported here represent four taxonomy subgroups: primates (11 species), rodents (5 species), other mammals (11 species), and non-mammalian vertebrates (7 species). From these species, a subset of 12 species believed to have higher-quality data and representing all four subgroups were selected to use as reference genomes: human and Bolivian squirrel monkey (primates); mouse, rat, and guinea pig (rodents); dog, elephant, horse, and cow (mammals); and zebrafish, chicken, and anole (vertebrates). The reference species contain 205,670 proteins. For full assembly information for the organisms evaluated here, see Table 2 . This table also describes the version of the assembly and annotation that is represented in the reported dataset and additional details on the protein-coding annotation results, statistical metrics that are commonly used to evaluate the quality of the assembly, and one measure (EST count) of the amount of same-species transcript data that was available for that annotation run.
The Conserved CDS database (CCDS) [2] contains human and mouse protein coding regions that are consistently annotated in NCBI and Ensembl genome browsers and provides a gold standard for coding region locations. Comparison of human genes in our orthology dataset and in CCDS shows that the intersection of the two dataset contains 92% of all human proteins in orthology sets and 86% of human proteins in CCDS. For mouse, the respective values are 93% and 80%. This sizable overlap confirms that nearly all human and mouse genes in the orthology dataset are likely to have valid CDS. The CCDS proteins that do not overlap with our ortholog dataset relates to our method of determining ortholog sets, which tends to omit paralogous gene clusters and large gene families with notable species expansion differences (e.g., olfactory receptors).
Splicing conservation in vertebrates
Integrated sequence-splicing method for identifying highly conserved orthologs
To measure splice-level conservation in protein-coding regions, the splice boundaries of transcripts were obtained from genome annotations or mRNA-genome alignments calculated using the Splign program [17] . Coding regions and their splice boundaries are compared in protein space in order to use protein-protein alignments to determine corresponding genomic positions, similarly to [18] . We define two proteins as splicing orthologs if all protein-coding exons in the two proteins can be paired with 90% overlap in lengths of both exons. Our approach ensures that splicing orthologs exhibit sufficient sequence similarity at the level of every individual protein-coding exon and very similar CDS splice patterns, allowing more flexibility for insertions and deletions than sequence-independent methods such as Exalign [19] . Unlike methods that depend on pre-calculated whole-genome alignments to assess intra-or intergenic regions across species [13] , our software can be applied to any valid sequence, in parallel to revision of existing sequence records and newly deposited proteins.
To compare the extent of splicing conservation according to our method and others, we gathered a subset of our dataset consisting of 15,511 protein clusters with human and mouse orthologs, as well as the 13,418 cow and 4617 zebrafish proteins in these clusters. Only one cluster is evaluated for each ortholog set (using the largest cluster containing both human and mouse The assembly name, assembly accession, contig N50, and scaffold N50 are reported from the NCBI Assembly resource. The % pipeline prediction column indicates the percent of annotated computationally predicted proteins (XP accession prefixes) out of the total annotated proteins (XP and NP accession prefixes). Reference species are flagged with * in the Organism column. EST count refers to the number of same-species ESTs that were available at the date of the annotation run; some annotation runs also used cross-species transcript data or 454 RNAseq data.
proteins), and a single protein from each species. Our testing showed that 71% of mouse proteins, 68% of cow proteins, and 27% of zebrafish proteins are splicing orthologs of an annotated human RefSeq protein (see Tables 3 and 4 ). The former is comparable to the 64% fraction of splicing orthologs between human and mouse that was previously reported [9] , among human-mouse transcripts with at least 4 protein-coding exons. We also consider whether exon splice junctions are aligned; this test yields slightly higher conservation rates, as may be expected, but only applies to proteins with multiple coding exons (87-90% of proteins from mouse, cow, and zebrafish have human ortholog with at least 3 coding exons). These results indicate that a method based on fraction overlap provides enough flexibility to detect splicing orthologs even in species as distant as human and zebrafish. Inspecting the human-mouse, human-cow, and humanzebrafish ortholog pairs that lack conserved splicing provides some insights into why some orthologous proteins are not splicing orthologs. First, 37-58% of ortholog pairs have all coding exons paired one-to-one yet at least one pair of exons differs by over 90% in length. An additional 28-42% of ortholog pairs have protein alignments that exclude at least one proteincoding exon. This may occur due to data quality issues in the genome assembly, lack of high quality transcript or protein evidence, or low sequence similarity. For example, lower sequence similarity in terminal regions may exclude those regions from the protein alignment and consequently the corresponding CDS. Also, certain mechanisms such as exonization, exon shuffling, or intronization are known to create novel coding exons or to merge or split exons. By searching for exons with no counterpart in the ortholog or split exons in one transcript mapped to a single exon in the other (including both single-exon and multi-exon genes), we find that 20-30% of non-splicing orthologs may have undergone these mechanisms. However, these differences may also be due to errors from our annotation pipeline or in the genome assembly at that gene location.
The above results do not change if we restrict the evaluation set to the 4247 clusters that contain one protein from each of the four species; in that case, a very slightly higher fraction of proteins show conserved CDS (data not shown). We also verify that splicing conservation and sequence conservation are complementary measures. Over pairs of orthologous proteins from human and each of the other species, and excluding protein pairs with perfectly conserved splicing which contribute a large number of tied scores, the Pearson correlation coefficient between sequence identity (number of identical residues over alignment length) and fraction of exons conserved (with 90% overlap) is a weak 20-42%.
Conserved CDS in vertebrates
We assessed the extent of conserved CDS over all 34 vertebrate species. Each protein (in the whole dataset) was compared to its orthologs from the 12 reference species. Only reference species were used in order to reduce the impact of erroneous annotations in lowerquality genomes. These reference species were chosen so that all vertebrate assemblies in scope of RefSeq (and in our dataset) may be evaluated against some close neighbors. Figure 4 provides a snapshot of cross-species support for the CDS in each organism by showing the number of genes with conserved CDS to 3, 6, or 9 reference species. For context, Figure 4 also shows the total number of protein-coding genes for each organism and the number of genes present in ortholog sets. Later, we will discuss using level of conserved CDS to estimate assembly quality. Figure 2 Human A2M alpha-2-macroglobulin (GeneID 2) and its orthologs from 9 species. Reference species are marked with *. Each of these genes encodes a single RefSeq protein. This schematic shows the sequence alignment. Protein-coding regions were mapped to sequence with vertical green lines showing splice boundaries (7 proteins have 36 coding exons; others are truncated or extended). In reality, splice boundaries will not all align perfectly. Annotations predicted from sequence include signal peptide and five distinct CDD superfamilies.
The number of genes with conserved splicing orthologs appears to be fairly stable across mammals when requiring a splice match to at least 3, 6, or 9 orthologs from reference species; however, the choice of threshold greatly impacts the number of genes labeled as conserved CDS. The median number of genes (across all species) with splice orthologs from 9 out of 12 reference taxa is 1707 compared to 8197 at the 3-reference threshold. Note that reference species exhibit fewer conserved genes at the 6-and 9-ortholog thresholds because each reference gene may be compared to 11 reference species, while all non-reference species were compared to 12 reference species. However, this bias against reference organisms has little impact at the 3-reference threshold. Accordingly, we use the 3-reference threshold as a more inclusive approach to measure the number of genes supported by conserved splicing.
Looking at individual organisms, for human, 70% of genes have evidence of conserved splicing to at least 3 other reference species, a fraction comparable to the human-mouse conservation rate from the previous section. Among all the organisms in our evaluation set, human, mouse, and chimpanzee have the highest splice conservation rates and numbers of conserved genes, possibly reflecting higher annotation quality for human and mouse which have undergone extensive curation efforts. The similarity between chimpanzee and human is expected to have improved annotation of chimpanzee in the NCBI eukaryotic annotation process. Overall, 20 species have over 50% of the genes in ortholog sets with conserved splicing with respect to 3 reference species. Considering the large number of conserved genes and the diversity among its orthologous proteins in both sequence and splicing conservation, we expect that providing information on the scope of conserved splicing will be an interesting addition to RefSeq records.
To determine whether a gene is expected to be present in new genomes, we also consider the number of species 
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Largest protein cluster Reference species Figure 3 Histogram of the number of genes in each ortholog set for all species, reference species, and the number of genes in the largest protein cluster within each ortholog set. with conserved splicing within each group of orthologous genes. Figure 5 plots the number of ortholog sets (among all organisms, and across reference organisms only) over two parameters: definition of conserved splicing for each protein (in terms of the number of reference proteins) and number of conserved-splicing proteins in each ortholog set after independently comparing each non-reference ortholog to the orthologs from reference species. The area under the curve ranges from 98% of ortholog sets for 1+ splice orthologs to only 19% of ortholog sets for 9+ splice orthologs. We identify 7,577 genes (or ortholog sets) that are present in at least 17 organisms (half of our evaluation set) with those genes having conserved splicing to at least 3 reference proteins. This forms a potential set of "core proteins" across mammals. Looking at only reference species ( Figure 5B) , interestingly, there is a peak at 7-9 organisms and a marked drop-off above that, suggesting that previously calculated rates of human-mouse splice conservation can be extended across all mammals with little drop-off. Examples of human genes with splice orthologs in different taxonomic subgroups are listed in Table 5 . Please note that splicing conservation of the CDS is determined in pairwise fashion, includes 90% length criteria, and is not necessarily transitive. If gene A has a coding region 90% the length of the corresponding coding region in gene B, and gene B likewise has length 90% compared to gene C, then genes A-B, and B-C are conserved, but genes A and C don't meet the 90% length criteria and do not have conserved splicing, by our definition. This explains how in Figure 5B , the number of Extent of conservation in coding regions compared to 12 reference organisms. To illustrate the degree of splicing conservation between coding regions in each organism and the 12 reference organisms, the most highly conserved genes are identified by conservation to 9 or more reference organisms. Additional categories in decreasing level of conservation are splicing conservation to 6 or more reference organisms, 3 or more reference organisms, and membership in an ortholog set. Reference species are listed before non-reference species.
ortholog sets with 1 to 8 genes that are conserved to 9 reference genes is slightly higher than zero, and likewise for the other conservation thresholds in both Figures 5A and 5B.
Example: A2M alpha-2-macroglobulin Figure 2 illustrates 10 orthologous alpha-2 macroglobulin proteins from human (GeneID 2) and its orthologs. This gene has a relatively small set of orthologs each encoding a single, richly annotated protein product. Although this orthology set contains similar proteins, the degree of conservation differs when terminal sequence regions and splicing conservation are assessed. Thus, among the reference taxa included in this set of orthologs only human and dog are splicing orthologs. The computationally predicted turkey protein is Nterminally truncated due to a gap in the turkey assembly. The N-terminus of the computationally predicted cat and opossum proteins exhibit greater divergence in length and sequence similarity, respectively. Genome annotation for both is primarily based on protein alignments coupled with ab initio, as there is minimal samespecies transcript data available. In contrast, the computationally predicted galago protein is of high quality having a conserved N-terminal sequence as well as conserved splicing with 90% overlap in all protein-coding exons compared to human, dog, and guinea pig (all reference taxa); however, human and guinea pig are not splicing counterparts due to length variation in exon 18 (115 bp and 133 bp, respectively). By defining core proteins using a low threshold for the number of reference proteins with conserved CDS, we are able to identify sets of proteins with conserved CDS to at least a few other orthologs, typically from the closest species, without requiring such high level of conservation over all pairs of proteins.
Cross-species tests for protein consistency
A second application of this protocol is to identify unusual, and potentially mis-annotated, proteins. The two features discussed so far, CDS and sequence similarity, vary widely across different homologs and do not, on their own, indicate problems with the genomic assembly or gene annotations. Instead, we extend our evaluation framework to perform a number of targeted analyses of protein lengths, N-terminal features, and domain composition for protein clusters containing at least 5 reference proteins. Proteins from all 34 species are evaluated using comparisons to the 205,670 proteins from the 12 reference species. Table 6 summarizes the number of proteins that are identified by these tests. A total of 97,367 proteins from 96,635 genes (23% of genes and 17% of proteins in our orthologs dataset) are identified by at least one test and also lack CDS splice conservation (defined as splicing orthologs to at least one protein from the reference species subset). This includes 2.5% of human and 4.6% of mouse genes in our orthology dataset. Some of these discrepancies may reflect real biological differences including annotation differences at the level of alternative splicing, but some of these differences are genuine errors which need to be addressed though improved curation protocols and computational pipeline methods. Figure 5 Distribution of the number of ortholog sets for two categories: total species in ortholog sets (A) where orthologs from non-reference species were compared to the reference species dataset, or (B) restricted to only the reference species in ortholog sets. Both graphs illustrate the number of orthologs in each category unrestricted by conserved splicing ('All orthologs'), or as constrained by conserved splicing with increasingly more stringent numbers of reference species. The value of the x-axis is the total number of species in each ortholog set only for the line called "all orthologs". For all the other lines, the x-axis refers to the number of species in the ortholog set that have splicing conserved at the respective level.
Domain composition
To measure variation in domain composition, one protein with maximum similarity to orthologs is selected for each gene, that is, the protein with maximum average Jaccard score of domain content [20, 21] . A score of 1 indicates that two proteins compared have the same domain composition while a score of 0 indicates no domain in common. Across all species in this study, the average domain score (when calculated) falls within a narrow range of 0.79-0.82. These values are significantly lower than found by [20] which may be due to differences in ortholog identification, domain assignment, and calculation of domain score over only sizable sets of orthologs. Over all genes, 51% had score 1, 13% had score 0, and 6.6% had no score calculated. Using average domain scores for reference species proteins as a sample distribution, a Z-score is calculated for each protein. There are 4065 proteins of interest with a Z-score greater than +/− 2 yields. We also search directly for proteins with extra, missing, or truncated domains compared to all but one of the reference proteins. Unsurprisingly, missing domains are 8-fold more common than extra domains. Some sequence divergence or even a small mis-annotated region may be sufficient to disrupt alignment between a domain PSSM and the sequence, but the presence of an extra domain may point to genuine domain shuffling or long mis-annotated regions.
Protein sequence lengths
We identify unusual protein length over the whole protein and within the N-terminal, C-terminal, and conserved regions. First, N-terminal regions are defined as the first 30 and 100 amino acids in each protein (selected to represent short regions and the upper bound on known lengths of mitochondrial transit peptides). A multiple sequence alignment is calculated for each protein cluster, allowing length differences between each protein and all other aligned proteins to be compared. We also define each region based on indel content in the columns of the MSA. Protein lengths are the most common unusual feature detected (see Table 6 ). However, this is due to a relaxed definition of length outliers that allow length differences as short as 15 amino acids, in order to provide detailed information for review.
N-terminal variations
Finally, we searched for two types of errors in the protein N-terminus. First, we looked for alignment of the initial Methionine (Met) amino acid to a downstream Met in multiple proteins, which may point to the less common initial Met being an incorrect translation start position. Requiring either the upstream or downstream Met to be conserved in at least half of the comparisons For comparison, the number of ortholog sets containing any genes with conserved splicing orthologs is provided as well. XP accession prefix denotes computationally predicted proteins and NP accession prefix denotes proteins that are available for manual curation. These represent targets for evaluation rather than confirmed errors.
to proteins from the reference species proteins dataset returns 30,953 proteins. Our protocol has already clustered alternative splicing products to their closest counterparts however the majority of proteins in the dataset are inferred from predicted gene annotations and for many genes, only one protein product is predicted. Consequently, our results indicate that some of these predicted proteins may have incorrect translation start positions, while other genes may encode additional products with the more conserved translation start [22] . A second type of error at N-terminal involves exons annotated at the incorrect genomic location. N-terminal coding exons are frequently more distant from the remaining coding exons and more challenging to annotate in computational pipelines when there is scant same-species transcript data available to specifically define the exon boundaries and when homologous protein alignments do not extend to the N-terminus due to cross-species sequence differences, masking of genomic sequence, or indels or larger gaps in the assembled genomic sequence. We attempt to identify such errors using sequence similarity: proteins with particularly poor sequence similarity at the N-terminal compared to its orthologs and compared to whole-sequence similarity are candidates for incorrect N-terminal coding exons. Testing on N-terminal regions defined as initial 30residue or 100-residue regions identifies 1267 proteins that need curator review.
Our results provide a summary of specific, consistent differences in particular proteins, which may be valuable for internal review to improve the manually curated dataset and to identify targets for improvement of NCBI's genome annotation pipeline.
Estimating annotation quality
The tests described previously have generated a number of statistics related to conservation or lack of consistency. Here we define a score for annotation quality that is independent of assembly quality measures (specifically the contig N50), or support evidence measures (here approximated by number of same-species ESTs). Our score leverages the preceding methods for sequence conservation and splice orthologs and is based on the above tests for unusual protein sequence properties. For each organism, we count the number of genes with the following properties: 1) outlier domain (Jaccard) score outside average range for analyzed species; 2) extra, missing, or truncated domain; 3) outlier length (as described in Methods); 4) conserved downstream Met aligned to initial Met (or vice versa); and 5) absence of protein in the largest protein cluster (although present in other clusters). An aggregate score is calculated as the negative log of the product of all scores (see Table 7 ). This combined score is a variation of weighted average scores that applies a log transformation to each score to help to equalize contributions from all methods instead of favoring those with larger scores. Since the true annotation or assembly quality is not known, we use contig N50s to approximate annotation quality as availability of transcript data and assembly quality are both known to influence the outcome. The contig N50 is a statistical measure such that 50% of the bases in the genome assembly are found in the subset of contigs of this length or longer. It is commonly used as a simple metric of assembly quality where a higher contig N50 value is an indicator of a higher quality assembly.
To estimate whether these criteria can be used to help gauge annotation quality, we calculate the Pearson correlation coefficient for each method. The 6 individual methods have an inverse correlation with contig N50 ranging from −0.29 to −0.49 while the sum-of-logs score has higher correlation 0.72 (p-value < 0.00001). (The respective values calculated using EST counts are very similar.) Interestingly, among the individual methods, the test of conserved upstream/downstream Met has strongest correlation compared to all other criteria, and its Spearman correlation coefficient is even stronger (−0.7). This likely indicates a deficiency in the NCBI eukaryotic annotation pipeline specific to correctly annotating N-terminal regions. Correlations are higher when calculated separately for each taxonomic subgroup Excluding human, mouse, and zebrafish which have outlier contig N50 values, the Pearson correlation coefficient was 0.88 for primates, 0.95 for rodents, 0.67 for mammals, and 0.87 for vertebrates (all p-values < 0.03). These results confirm that the combined "error" score may be valuable for estimating quality, especially by comparing scores between close species.
We note that the number of core proteins in each species is only weakly correlated with contig N50s (correlation 0.32) and did not boost performance of the combined score with respect to a stronger correlation coefficient. Here, core proteins were defined as the splice-conserved proteins in the 7,577 gene (ortholog) sets that each contain at least 17 proteins having conserved splicing to 3 or more reference proteins (as described in a previous section). Nevertheless, we may use the number of core proteins to supplement the combined score as the former is independent to the combined score and more easily interpreted, as a direct measurement of the extent of gene conservation. We note that in contrast the total number of protein-coding genes in each species bears no correlation with contig N50; this could imply that a sizable number of proteincoding genes are species specific or erroneous.
Within the primate subgroup, the correlation between the number of core proteins and contig N50s for all species besides human was particularly strong at 0.82 (p-value < 0.003). Indeed, both the combined score and the number of core genes are low for macaque which is known to have a poorer quality genome assembly [23] , and likewise predicted (based on a lower contig N50) for orangutan. In contrast, gorilla, which has a new assembly based on Sanger and Solexa sequencing, has a larger number of core proteins and higher combined score despite a lower contig N50. This indicates that our approach is a more sensitive metric for annotation quality than N50 or EST count alone. For mammals, platypus, Tasmanian devil, and pig have low combined score while cat and panda have higher scores despite scarcity of contig N50s or ESTs. These results exemplify how directly evaluating conservation across orthologous genes provide more sensitive measures of overall annotation quality.
Conclusions
RefSeq is in a unique position to provide orthology and comparative analysis results, as a repository of genomewide high-quality gene, transcript, and protein records, and having access to resources hosted by NCBI and other sites. An efficient hybrid method for orthology identification has recently been put into production to provide expanded quality assurance for curated RefSeq proteins and identify areas to target improvements in the genome annotation pipeline. These results supplement the data available in HomoloGene. Taking advantage of the extensive orthology data available, we have developed a computational pipeline to perform several orthogonal analyses on these orthology sets. The process described here has been incorporated into regular RefSeq processing: it is run regularly in response to newly annotated genome assemblies, changes in the gene membership of ortholog sets, and changes (updates and additions) to the protein products of each gene. Employing parallel processing resources enables results for the 568,459 proteins in our dataset to be calculated within hours, and this process can be adapted to scale linearly to accommodate growth in the number of genomes.
Using our suite of methods, we demonstrated a high level of consistency in RefSeq protein representation among vertebrates. Independent assessment measures that include considerations of protein sequence similarity, exon coverage, and splice similarity provide similar results. Previous comparisons of human and mouse orthologs have reported identical splicing in 32% of transcript pairs, and 64% highly conserved splice orthologs with a relaxed criteria that tolerates exon length differences of up to 5 codons [9] , and identical lengths in 73% of corresponding human-mouse exons within a smaller data set [10] . Our results of 71% splice orthologs between human and mouse and 68% splice orthologs between human and cow are consistent with these previous reports but we offer a considerably expanded dataset scope. These results lend support to conclusions of the quality of RefSeq proteins for organisms beyond human and mouse and provide specific information about the most conserved protein annotations. These results suggest that within a relatively narrow taxonomic scope such as mammals, many orthologs can be expected to have similar structure in their protein-coding exons, and that comparison of splicing is a reasonable metric for distinguishing counterparts among the various isoforms in orthologous genes.
We find that the majority of the RefSeq vertebrate proteins for which we have calculated orthology are good as measured by several orthogonal metrics (number of orthologs in sets, splice conservation, protein tests), and we find particular concern in N-terminal sequence definitions. Furthermore, our results suggest that evaluating annotation results for unusual sequence qualities is a reasonable metric for annotation quality that is independent of available transcript data and contig N50. Our findings agree with previous reports of lower quality annotation for rhesus and our aggregate error score may be a generally useful measure of overall annotation quality for a given genome (a more direct and granular metric than contig N50 although there is a correlation with contig N50).
Novel genomes of interest may contain few highlyconserved genes compared to the organisms in our evaluation set, particularly organisms have been shown to be genomic "singletons" with few close relatives [24] . We have attempted to assuage this issue by selecting a representative set of organisms related to the most commonly analyzed mammals. We also showed here that thousands of genes in mammals that are relatively distant from primates and rodents are highly conserved compared to 3 or more reference species. Consequently Columns 2-7 provide fraction of genes from each species in the orthology dataset and lacking conserved protein; outlier domain score; missing, extra, or truncated domain; outlier length; conserved downstream or upstream Met; and proteins not found in largest cluster. Column 8 provides the negative sum of logs score. The last column provides the number of genes in each species that are members of a "core" set defined as ortholog sets with members from at least 17 species that each have conserved splicing to at least 3 proteins from reference species (reference species are marked with *.)
we expect to be able to reuse this reference set of genomes to evaluate a sizable fraction of genes in a variety of mammals. Further, our computational pipeline may be applied to a different set of organisms. For a finerlevel evaluation of novel genomes, we can further refine our process flow to identify genome neighbors [24] and apply the process described here using that customized set of species for comparison. Note that our method relies on coverage of proteins from those organisms in Swiss-Prot and availability of accurate assembly data, so such an approach would still have some shortcomings. The process flow described here is being incorporated into the suite of RefSeq analysis protocols and results will be used multiple ways including: a) identify outliers needing the attention of RefSeq curation staff; b) provide additional public information about proteins with higher conservation as well as protein isoforms that are predicted to be more functionally relevant (or of uncertain function) based on the annotation signatures of signal peptide and domain content; c) as a quality assurance benchmark for annotation of new vertebrate (especially mammalian) genomes in that the most conserved protein dataset should reasonably be expected to be annotated; and d) to further improve the NCBI eukaryotic genome annotation pipeline.
Methods
Dataset of orthologous genes
Orthologous genes in human and 33 additional vertebrates (Table 2) were identified using a hybrid method of protein homology and local synteny. RefSeq proteins and Gnomon models for each taxa were queried against the Swiss-Prot database [3] using BLASTp with default parameters, and the best hit selected based on bit score with at least 50% query coverage. Proteins with best hit to Swiss-Prot proteins with the same name (for example "Alpha-2-macroglobulin") are considered potential homologs to one another. At present all sets are "anchored" around a human gene: each set of homonymous proteins must contain a human protein with respectively named counterpart in Swiss-Prot.
Their respective genes are confirmed as orthologs if at least two of the six flanking genes (three on each side) for each gene are in the expected order and orientation or if the genes are single copy in both the human and the target species and share at least one of the six flanking genes. For this study, only genes that can be mapped to a reference genome assembly are retained, to ensure that exon annotations can be calculated against the same reference assembly. For simplicity, only nonredundant proteins are retained for this evaluation. One gene can encode multiple, identical proteins in the database when they correspond to different transcripts with the same coding regions.
Clustering splice variants
Genes in this dataset, primarily from human and mouse, may encode one or more proteins (due to alternate splicing). Protein sequence similarity was used to cluster proteins in each ortholog set to identify the most similar proteins among alternative splicing variants. Within each set of orthologous genes, pairwise alignments were calculated between all proteins from reference species and all proteins in the set using BLAST [25] with parameters E-value 1e-05, no composition-adjusted statistics, and no masking, and BLAST scores were used to determine reciprocal best hit proteins for each pair of genes (species) with alignments. Ties are broken by selecting the protein with length closer to the query protein. Among identical proteins for one gene, as may occur when the gene has UTR-specific splice variants, one protein is randomly selected to be the representative protein. Proteins are then clustered into sets of "orthologous proteins" such that no set contains more than one protein from each gene, according to a simple greedy algorithm: Analyzing reciprocal best hits in order of descending BLAST score, the two proteins are merged into the same cluster (or rather, their respective clusters are merged) if this operation does not create a cluster containing two proteins from the same gene.
Detecting conserved coding exons
Exon junctions for each transcript are extracted from pre-existing mRNA feature annotations on the RefSeq record when they exist, or computed through cDNAgenome alignments using Splign [17] . Genomic locations for each gene are obtained from database for the current reference assembly. The pairwise protein-protein alignments described in the previous section define the corresponding nucleotide positions between their respective mRNAs as well. Exon boundaries are then mapped onto the transcript sequences providing inferred alignments between protein-coding exons, enabling us to test conservation across exon positions and splice junctions. A few adjustments are made to reduce the impact of incomplete protein and mRNA-genome alignments: The alignments between the exons at the N-and C-terminals of the protein alignment are extended gap-free to the beginning and end of the respective exons. When a transcript cannot be wholly aligned to the selected genomic region, nucleotide positions outside of a defined exon are labeled as part of the previous exon, except for positions preceding the first exon.
Protein functional annotations
For each proteins, domain from the Conserved Domain Database [26] are assigned from protein sequence using the CD-Search tool [27] . These values are pre-calculated and contained in the protein record viewable in NCBI's Protein resource [15] . We use all domains in CDD v3.08 that have been clustered into superfamilies, which include all NCBI-curated and imported models except certain models that span multiple other domains. Additionally, signal peptides are predicted for all sequences using SignalP4.0 [28] .
For proteins in clusters containing at least 5 proteins from reference species, we calculate unusual domain content at the level of CDD superfamily annotations (plus signal peptides). First, domain similarity is calculated between all proteins against reference proteins using Jaccard index. The Jaccard score for domains in proteins P and Q is defined as JC À score P; Q ð Þ¼P \ Q=P [ Q ¼ domains in P & Q j j = domains in P j j þ domains in Q j jdomains in P & Q j j Z-scores for different scores, including Jaccard indices, were calculated using reference proteins to determine mean and standard deviation.
Second, proteins with extra, missing, and truncated domains compared to at least r-1 reference proteins (where r is the number of reference proteins) are flagged. We use r-1 to enable testing of the reference proteins themselves. Since CDD superfamily annotations are based on alignments between the protein and a CDD domain in the superfamily cluster, we define domain truncation as the maximum hit length fraction (length of alignment between PSSM and protein sequence, divided by PSSM length) is less than 60% of the PSSM length over one or more occurrences of that superfamily on the protein; this maximum hit length fraction is also required to be less than 60% of the hit length fraction for this superfamily in all other proteins in its cluster.
Identifying sequence and length outliers
For clusters of proteins with at least 5 members from reference species, multiple sequence alignments were calculated using COBALT [29] . Then, we performed a suite of calculations for length, N-terminal, and sequence outliers for each protein compared to reference proteins: 1) Average ungapped sequence identity over the first 30 and 100 residues, flagging proteins with identity < 50%, Z-score of identity greater than +/−2. To aid in screening out cases with low sequence identity over the whole sequence, we also require the Zscore of log( identity over N-terminal region / identity over whole sequence) to be greater than +/− 2. 2) Average length difference at N-terminal compared to reference protein, flagging proteins with length difference greater than 15 and Z-score of length difference greater than +/− 3. 3) Identify proteins with initial methionine codon aligned to a downstream methionine in another protein, or vice versa, where this difference is preserved across more than (r-1)/2 proteins.
To increase sensitivity in detecting length outliers that might be masked by similar whole-protein length, we also label regions of each multiple sequence alignment as conserved, N-terminal, C-terminal, or intermediate regions by requiring at most 20% gap content across reference proteins within conserved regions. Trailing terminal sequence regions not present in the MSA are included in the calculations. Then, we report proteins with length difference across any region or whole protein with Z-score greater than +/− 3 or absolute length difference greater than 15 compared to r-1 reference proteins.
Data access
The RefSeq proteins used in this analysis are publicly available at NCBI [30] . A supplemental data file listing the protein identifiers and related information is provided on the RefSeq ftp site [31] .
